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This study presents a novel approach based on 9l7] W&o Ze A7+ U] AL Ak 2= glojok

convolutional long short-term Memory (ConvLSTM) 3ho}

model to reduce the latency involved in bearing wWolg e 7]A o] thekst @ A% ZeMo] 97

fault diagnosis. Time-series sensor data are Eo] Ao BFE A JE golHE X3

segmented into short vectors that are fed AL Adsh Al gy shke] Ad Anke

sequentially into the model to find spatio—temporal olul# dHlolEoA TA EAS =Z= 2319

features efficiently. The ConvLSTM model is ABZA AAY (2D-CNN) [2-4], AHz IHH

devised to a many-to—many structure by which the ool 129 A HolE=S A= 1x9 AE=A

failure can be diagnosed as soon as several AAY (1ID-CNN) [5-7], A4 =xL 183

consecutive prediction results correspond to the AAANADT (RNN) [8]S 7juto s A7 AsEx

failure condition. The experiments based on the olth, w3k old ATEe Ad Ao AL

proposed approach show that the latency reduction 2Ho] BHA 9on Ay TE7kx Aol Ad
1s as high as 99.3% compared to the 2D-CNN A7 thEE 5 A okorr).
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